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To fit a 14—data—point dipper function, Chirimuuta and Tolhurst (2005) used an arbitrary population of 06 9 Monte Carlo simulations
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Model parameters
We used Fisher information and probability theory to derive equations that predict the Bayesian
decoder’s performance levels. As shown, the equations accurately predict the model’s Mean response, r, of neuron is given by the Naka—Rushton function:
performance. The equations allow fast fitting of the model parameters.
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